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Deep Learning-Based Vehicle Model and

License Plate Identification System using Vehicle Images
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Abstract

Today, vehicles are used in various fields such as commerce and leisure beyond simple transportation. For this
reason, vehicles are used as one piece of information, and the vehicle’s model and registration number are key
elements. In this paper, we trained 98,153 image data in the object recognition algorithm YOLOVS to identify the

vehicle type, and as a result, the model's recognition accuracy for most domestic vehicles reached almost 100%
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Fig 1. Typical Bounding Box Coordinate Setting
Method and YOLO Coordinate Setting Method
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Fig 2. Loss Graph of Results Learned by Setting
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Fig 6. Simultaneous Recognition of Actual Images
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Fig 7. Input Image and Preprocessed Image
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Fig 10. Finally Cropped License Plate Image
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